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The use of low-cost sensors based on the Internet of Things (IoT) has
become a novel approach in urban air pollution monitoring. This study
aimed to determine the optimal placement of such sensors in Tehran using
a multi-criteria decision-making (MCDM) method. Eleven sub-criteria
were identified under two main criteria: air pollution levels and pollution
sources. Each sub-criterion was mapped as a digital layer in a GIS
environment. These layers were then integrated using overlay operators,
and the optimal operator was selected based on Ordinary Least Squares
(OLS) regression. Spatial clusters were identified using the Hot Spot
Analysis and Moran’s I statistics. Geographically Weighted Regression
(GWR) was used for sensitivity analysis between the sub-criteria and the
final suitability map. Results indicated that PM10 and PM2.5
concentrations, and proximity to transportation terminals and fuel
stations, were the most influential sub-criteria, with membership weights
of 0.170, 0.151, 0.139, and 0.113, respectively. The OLS model showed
that the SUM operator had the strongest correlation with the sub-criteria.
GWR analysis produced high model accuracy (AlCc = 4484, R2 = 0.98).
The final suitability map revealed that 13% of Tehran’s area is highly
suitable and 17% is moderately suitable for sensor installation, mostly
located in the central, southern, and southwestern zones, where pollution
levels are highest.

* Corresponding author: Dr. Ahmad Nohegar

E-mail address: Nohegar@ut.ac.ir

How to cite this article: Ebrahimi Ghadi, M., Nohegar, A., Sazvar, Z., & Behrouzi, M. (2025). Investigating and

Identifying of Suitable Point for Installing Low-Cost Sensors in 1oT Monitoring of Urban Air Pollution. Journal of

Geography and Environmental Hazards, 14(2), 145-172. https://doi.org/10.22067/geoeh.2025.92002.1546

©2025 The author(s). This is an open access article distributed under Creative Commons
Ev Attribution 4.0 International License (CC BY 4.0)


Nohegar@ut.ac.ir
https://doi.org/10.22067/geoeh.2025.92002.1546
https://orcid.org/0000-0003-4954-8782
https://orcid.org/0000-0002-5242-7730
https://doi.org/10.22067/geoeh.2025.92002.1546

Ebrahimi Ghadi et al.

Investigating and Identifying of Suitable Point for Installing ... 146

EXTENDED ABSTRACT

Introduction

The monitoring of air pollutants by the traditional method is very expensive, and complete citywide
coverage is practically impossible. In this situation, it is possible to switch to low-cost sensors. With a cost
of less than $1,000 per sensor package, compared to multi-million-dollar reference monitoring stations, this
solution is economical and feasible at the city scale. One of the key issues related to sensors is their precise
spatial location and distribution within the city. By identifying optimal points for installing sensors, it is
possible to provide comprehensive air pollution coverage in Tehran. The present research was conducted
with the aim of identifying suitable points for installing low-cost air pollution sensors in Tehran using
geostatistical methods combined with geographic models.

Material and Methods

The present study was conducted in the urban area of Tehran. The required information includes data
on the concentration of air pollutants and the identification of pollution sources. The concentration of air
pollutants at air quality monitoring stations in Tehran is measured on a daily basis. In this research, data
related to the concentration of gases (NO,, SO,, CO, and O3) and suspended particles (PM10 and PM2.5)
were collected from 24 air quality monitoring stations in Tehran on an hourly basis during the years 2013
to 2023 (1392 to 1402). After reviewing scientific literature, 11 sub-criteria were identified under 2 main
criteria for sensor placement. Based on the mentioned sources, a digital layer was prepared for each sub-
criterion in ArcGIS Pro. These layers were classified by importance using the Reclassify tool in GIS. For
superimposing layers and identifying suitable sensor locations, the layers were fuzzified using the Large
and Small membership tools. As a result, 11 fuzzy layers were generated. To determine the relative
importance of each sub-criterion and its effectiveness compared to others, the Analytic Network Process
(ANP) was used. The resulting weights were multiplied by each raster using the Raster Calculator in
ArcGIS Pro, producing a weighted fuzzy map for each sub-criterion. These maps were then superimposed
using fuzzy operators including AND, OR, SUM, PRODUCT, and GAMMA (0.9, 0.7, and 0.5).
To identify the best operator, Ordinary Least Squares (OLS) regression was applied. Sub-criteria were
treated as independent variables, while the map resulting from each operator was treated as the dependent
variable. The operator with the highest correlation coefficient was selected as the final method for layer
combination. To investigate the spatial distribution pattern of suitable sensor locations, Moran’s I
autocorrelation and Hot Spot Analysis were conducted in ArcGIS Pro. In the final stage, the spatial
relationship between the 11 sub-criteria (independent variables) and the final suitability map (dependent
variable) was analyzed using Geographically Weighted Regression (GWR).

Results and Discussion

The results showed that PM concentrations were the most important factor in selecting sensor locations,
as these particles indicate both the intensity and spatial extent of pollution. Following PM, urban
transportation stations including terminals, bus, and taxi stations were ranked second in importance.
Regression results showed that the SUM operator had the best performance based on regression coefficients
and the coefficient of determination. The correlation between the SUM map and the sub-criteria was
significant, confirming the SUM operator as the best option for the final map. Therefore, the final SUM
map was adopted to assess suitability of land in Tehran for low-cost sensor installation.
Analysis of spatial distribution patterns showed a Moran’s I value of 0.532, indicating strong spatial
autocorrelation and a clustered pattern. The Z-score and p-value (0.000) confirmed the clustering pattern.
Cold spots (blue) represent low suitability, while hot spots (red) identify highly suitable areas for sensor
installation. These red zones are concentrated in southern Tehran, while blue zones are in northern,
northeastern, and northwestern areas.
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The hotspot model confirmed Moran’s index, verifying clustered spatial suitability. Evaluation of the GWR
model confirmed its accuracy and reliability, with an AIC of 4484 and R2=0.98. Approximately 16 hectares
of suitable land were identified in central, southern, southwestern, and in some cases northern Tehran—
particularly near highways, gas stations, transportation terminals, and industrial centers.

Based on the final maps, sub-criteria analysis, and field verification, 44 specific locations in Tehran were
identified as optimal sensor sites. A distribution map of these points was prepared for implementation.

Conclusion

Low-cost monitoring stations in urban areas can provide valuable insights into spatial patterns of air
pollution. These online and affordable systems are viable given the availability of low-cost monitors, which
can either be mounted on existing infrastructure or distributed across the city. However, the data generated
from these systems must be properly evaluated and validated.
A strategically placed network of such monitors allows for dense spatial coverage, offering a cost-effective
and reliable alternative to traditional monitoring networks. Lands located at least 200 meters away from
pollution sources, where pollution levels are low, are unsuitable for sensor installation. Approximately 20%,
20%, and 29% of Tehran’s land was classified as marginally unsuitable, unsuitable, and completely
unsuitable, respectively. Nevertheless, 44 highly suitable locations were identified, mostly in central,
southern, and southwestern Tehran. Each sensor package costs about $900, making the total implementation
cost $400,000 (approximately 20 billion IRR) significantly lower than the 80 billion IRR required for a
single traditional monitoring station. Thus, low-cost sensors offer a highly economical solution for air
pollution monitoring in Tehran.
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Fig.2. Diagram of the research method (placement of low-cost sensors for air pollution monitoring in Tehran)
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Table 3- The weight and fuzzy membership of the sub-criteria in the placement of low-cost air pollution sensors in

Tehran.
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Table 4- Correlation of fuzzy operators with research sub-criteria
GAMMA 0.9 GAMMA 0.7 GAMMA 0.5 Product OR AND SUM Parameters
0.000" 0.000" 0.000" 0.000" 0.058 0.000*  0.000% SOz
0.000" 0.000" 0.000" 0.000" 0.779 0.000" 0.000" Os
0.000" 0.000" 0.000" 0.000" 0.000" 0.000" 0.000" NOx
0.000" 0.000" 0.001* 0.698 0.067 0.315 0.000" CcO
0.000" 0.000" 0.000" 0.000" 0.000" 0.000" 0.000" PM1o
0.091 0.121 0.236 0.209 0.000" 0.000" 0.000" PMzs
. . . . . . Industrial points
0.000 0.000 0.000 0.000 0.002 0.112 0.000 L
e S
Highwa
0.000" 0.000" 0.000" 0.000" 0.007" -0.933 0.000" ?; }Jy
o B3
. . . . . Oil station
0.000 0.000 0.000 0.000 0.487 0.390 0.000 . 5l
&.A}j.n.d oL le
. R . . . . Station
0.000 0.000 0.000 0.000 0.000 0.255 0.000 WL
. . Ll Traffic points
0.000" 0.000" 0.000" -0.019 0.009*  -0.017 0.000" .
S35

oSyl b5 sla See Sb3,1 -0 Jou

Table 5- Evaluation of fuzzy operators with regression coefficients

Ol R-Squared AlCc é’b_
Jarque-Bera Function
1379 0.997 -5744 SUM
774 0.609 -6298 AND
15 0.730 -3962 OR
711 0.361 -42941 Product
24301 0.727 -22734 GAMMA 0.5
2590 0.872 -14886 GAMMA 0.7
87 0.971 -7785 GAMMA 0.9
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Table 6- Installation location of low-cost air pollution monitoring sensors in Tehran

Location cewas 5% o Location cuas o —
Region Region
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